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ONLINE Motivation
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1. Generatgart attention mapdo disentangle global and local feature
2. Emphasize onthe-eoccurrence partn the compared images
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ONLINE Challenge
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SEmanticsguidedPart Attention Network

Only needsmagelevel semanticdabeab
learn to generate the part attention maps.
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SPAN can be extended to
weakly-supernvised segmentation
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2. Emphasize ontheseoccurnrencepparin the compared images

Co-occurrencePart-attentive DistanceMetric
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ONLINE Architecture of proposed framework
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(¢) Co-occurrence Part-attentive Distance Metric (CPDM)
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