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Motivation
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1. Generate part attention maps to disentangle global and local feature

2. Emphasize on the co-occurrence part in the compared images
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Challenge
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Regular Segmentation Network
Pixel-level 
part label

[PVEN, CVPR20]
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Semantics-guided Part Attention NetworkS P A N

Only needs image-level semantic label to 
learn to generate the part attention maps.



Semantics-guided Part Attention Network
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Semantics-guided Part Attention Network
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Mask Reconstruction Loss
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Semantics-guided Part Attention Network
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Semantics-guided Part Attention Network
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Semantics-guided Part Attention Network
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Vehicle 
Image

Multi-digit 
Image

SPAN can be extended to 
weakly-supervised segmentation.
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Co-occurrence Part-attentive Distance MetricC P D M

2. Emphasize on the co-occurrence part in the compared images



Co-occurrence Part-attentive Distance Metric
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SPAN L1-norm



Architecture of proposed framework
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Comparison with the State-of-the-Arts
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*The demonstrated attention maps generated by previous methods are directly from their papers.

noisy
unstable

2020 European Conference on Computer Vision National Taiwan University



Paper Website:


